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Abstract

The performance of Convolutional Neural Networks (CNNs) in computer vision tasks depends on
image quality. Hence, input quality monitoring is needed to ensure that CNN outputs are reliable. This
can be achieved via Image Quality Assessment (IQA) algorithms, which predict quality in the form of
Mean Opinion Scores (MOS). In this project, we implement learning-based IQA models from literature
and demonstrate their generalizability on a wide range of practical domains. We extend the study by
using IQA to assess the relationship between image quality and object detection performance.
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